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Objective

Open-set Object Detection

Detect arbitrary objects specified by human language inputs
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Novelties

Novelties
• Large-scale grounded pre-train for zero-shot transfer : CLIP or GLIP

• Tight modality fusion
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CLIP Vs. GLIP

(a) GLIP (b) CLIP
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Tight modality fusion
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GroundingDINO
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Feature Extraction and Enhancer

Feature Extraction

• Image Backbone : Swin Transformer (T, L)

• Text Backbone : BERT
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Feature Extraction and Enhancer

Feature Enhancer

• Self attention for Text

• Deformable attention for Image

• Image to text attention : Query from Image, Key and value from text

• Text to Image attention : Query from Text, Key and value from image
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Language-Guided Query Selection

To limit number of image tokens

• XI ∈ RNI×d where NI ≥ 10, 000

• XT ∈ RNT×d where NT ≤ 256
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Language-Guided Query Selection

objective

To extract Nq queries from the encoder’s image features:

INq = TopNq
(max (XIX

T
T )), across the text dimension
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Cross-Modality Decoder
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Loss function

Loss components

• L1 and GIOU for bounding box regression

• Contrastive loss(focal instead of cross entropy)
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Results
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